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Google Cloud 5! Azure Machine Learning Jie alad) 8 daliall cilibad) Jalas < 5ol axasia
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Aadad Alaatly o oS3 g yag llall i aball Jie Auland) U se (e 53U (uaiy ilileal) 568
b palin Lae cdalial) bl (e (5 sl 8315 1l 383 ddee cppuend S AN (Kay o
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(Cloud Modeling) 4tacdl dalad aladiody dalall) cpad s Jg¥) (Gaalall)
AWS. & SageMaker 4o aladiul as ¢ Pythonalaaiul sl dalel aladiuly dadaill (awsd
.(Laudon et al., 2019) (Iris dataset)s_ -3l Jla V) clily de sana addiniu
& daliall @lalaeY) JMA e Amazon SageMaker () J a5l 5 boto3 4iSe Cudfis (g
scikit-learn.4iiSa & Aaliall Tris ks A gena ) Lad ZUSIWAWS,
python
Copy code
import boto3

import sagemaker



from sagemaker import get execution_role

from sagemaker.sklearn.estimator import SKLearn

AWS & sl Gt

role = get execution_role()

43 3 gaill Jads Cangy (A LSl s

output path = 's3://your-bucket-name/path/to/save/model'
AUl de gana dlac |

from sklearn.datasets import load iris

from sklearn.model selection import train_test split

iris = load_iris()

X train, X test, y train, y test=train_test split(iris.data, iris.target, test size=0.2,
random_state=42)

DataFrame ) <Ulall dc sana Jo sttt

import pandas as pd

train_df = pd.DataFrame(X _train, columns=iris.feature_names)
train_dff'target'] =y train

CSViike b cililall Ao gane Lain

train_df.to csv('iris_train.csv', index=False)

458 i) lala (333 g A Sl past

train_input = 's3://your-bucket-name/path/to/store/training_data'
S3 CSV ke Juanit

s3_client = boto3.client('s3")

s3 client.upload file('iris_train.csv', 'your-bucket-name',
'path/to/store/training_data/iris_train.csv')

o sall e all dga) 1) dpasif

estimator = SKLearn(entry point='script.py’,

role=role,



instance count=1,
instance type='ml.m4.xlarge’',
output_path=output_path,
sagemaker session=sagemaker.Session())
cu il pat
estimator.fit({'train'; train_input})
i) gy LS daulial @l jldly Jadll gy anls "your-bucket-name" Jlagiul (e U
Python. s bl e (5 gisy (53 jluallscript.py”
SageMaker plaaiuly o sall daa jull dgal 5 aaath 2 63 25 §3 () il Ally Jreaty 2 53y JUall s
oLy die (m4.xlarge). o sie bl EC2 Jiie e cwpxll Julis suSKearn Estimator.
(Y ) Qeann 36 casbll) S3 e sanall Jlaall b cap il ool Jada i
SageMaker.. 23 aladioly Javis 73 gad Cu i & 58 JUal) 138
(Cloud Modeling) o) Aaiai aladiiady Aadalll cppaeal 3 SN Gaadatl)
Radd ARl b Chiial zisad sy asi Used dlasdl dade aladiuly dadell (el
e 1508 0S5 o cany | (Iris dataset) L O¥) Glly de sans addivin AWS. 4SageMaker
IAM (Identity and Access us2 2els AWS & SageMaker 4w Al Jsasll
.(Brynjolfsson et al., 2014) 4 32 &lbadlall ,asManagement)
5kt JS) £ 52 oo el el 2 51 L
) et - )
Python 2y 8 4 33U o jall 3yl s boto3 AiSe Cu; o8
SageMaker. a3ty da 33U ciladall aa TAM 5 2lae) s AWS colus @bl 0 (e oSk
DataFrame: ) Wlisadg clill) Jeaadi- ¥
DataFrame.!) &l 35 (Iris dataset) )W 3Y) <ilily de sane Jaany 28
python
Copy code
from sklearn.datasets import load iris

import pandas as pd



iris = load_iris()

df = pd.DataFrame(iris.data, columns=iris.feature names)

df['target'] = iris.target

1 LR g G Gy ) ULl apuds - ¥

scikit-learn.AiSa (s train_test split 48ds 5 aladiuly HLia) 5 a8 by ) llal) 218
python

Copy code

from sklearn.model selection import train_test split

X train, X test,y train, y test =train_test split(df.drop('target', axis=1),
dff'target'], test size=0.2, random_state=42)

S3: ) clibal) Jaansi - ¢

SageMaker.c» Wl Jsa sl Amazon S3 () cuaill il Jiasty o8

python

Copy code

import sagemaker

session = sagemaker.Session()

bucket = session.default bucket()

prefix = "ir1s'

train_key = 'train_data.csv'

train_path = f's3://{bucket}/{prefix}/{train_key}'

X train.to csv(train_key, index=False, header=False)
SageMaker:plaiiuly g gall) quXi - ©

SageMaker. a3y 3 gaill Cay iy o8 o3 il Clalae 33087 5 23 gaill Cilial s 308 o3
python

Copy code

from sagemaker.sklearn import SKLearn

estimator = SKLearn(entry point='train.py’,



role=sagemaker.get execution role(),
instance count=1,
instance type="ml.m4.xlarge")
estimator.fit({'train': train_path})
1z A galll a1
35 3 (Brynjolfsson et al., 2014) JLia ¥ clily aladiuly 73 saill olal ansi liay oy paill any
i€y o (30 Amazon S3. (b 4dais &5 e KV Dlly 2ladinly 73 saill oy p & ol shadll o2
kY bl Aliii) bl sall 4aladinl 23 saill Jpesd
(Cloud Modeling) &tad) dalal aladiady Andall) Cpaund 3 GIEN galatl)
< SageMaker 4eaa JUall 138 8 aadiiin g ddglal) dadad aladinly Aadaill fpeadl AT (Glal
el i il ULy de gana padiiin ddlide ULy de gane 20 AWS
pililal) Jpand g Adsal) et -
python
Copy code
import pandas as pd
Gl Hlaal) ymaw 50l Ul Ae gana 36 jiH
data = pd.read_csv('https://raw.githubusercontent.com/amitchoudharyy/Real-
Estate-Price-Prediction/master/data.csv")
i) e Casia © Jl G et
print(data.head())
Amazon S3: 3! Llaad g Ul asudi - ¥
python
Copy code
from sklearn.model selection import train_test split
import sagemaker
import 0s

A5 5 iy ) il



train, test = train_test split(data, test size=0.2)

Ulao dandall HLEAY) g e aill culily Jasa#
train.to_csv('train.csv', index=False)
test.to_csv('test.csv', index=False)

ULl Jiasil S3 a8 g0 masTH

sagemaker session = sagemaker.Session()

bucket = sagemaker session.default bucket()

prefix = 'real-estate-prediction’

Amazon S3¢) JLEAY) 5 pxill Gl Jaestf

train_path = sagemaker session.upload data('train.csv', bucket=bucket,
key prefix=prefix+'/train')

test path = sagemaker session.upload data('test.csv', bucket=bucket,
key prefix=prefix+'/test’)

SageMaker:alaiiuly 4y il g 7 gadll yaad - ¥

from sagemaker.sklearn.estimator import SKLearn
2 saill Cliial sall ypanift

estimator = SKLearn(entry point="train.py’',
role=sagemaker.get execution role(),

instance count=I,

instance type='ml.m4.xlarge")

Amazon S3 s il Cliby aladiuly 73 saill cu xi#
estimator.fit({'train'; train_path})

1l Jalad g 73 gadl) ali - ¢

Gl 73 gad a8 9o s

model path = estimator.latest training_job.job_name

ol #3 saill Jranif



loaded model =
SKLearnModel(model data=f's3://{bucket}/{prefix}/output/ {model path}/output/
model.tar.gz',
role=sagemaker.get execution role())
DAY iy alafiuly 3 saill ayli
predictions = loaded model.predict(test)
Z3saill elal Ll 5 milisl) by
Jead & gladll o3 el AWS. 4 SageMaker aladiuls Zlal) dada aladinly dadaill (s
z3saill audig ¢ SageMakerphainhy 3 gaill cu X3 ¢ Amazon S3 ) lebwead dlganadt «cililull
.(Boland et al., 2004) _lia¥) Glly aladiul
(Cloud Modeling) dlacd) dalal aladinly dadail) Guead 1 gyl ) (galatl
AWS & SageMaker 4e3a aladioly o gfin Jlaal) Aada aladinly Aadal) cppeadl AT (adas
MNIST. ULy Ao sana ahadiuly ) geall Cayieal 73 gad oy il
pililal) Jpand g Adpal) et -
python
Copy code
import 0s
import numpy as np
import sagemaker
from sagemaker import get execution_role
from tensorflow.keras.datasets import mnist
MNIST@Uly Jresift
(x_train, y train), (Xx_test, y test) = mnist.load data()
SageMaker s 4aladin (Say @aud ) ULl ) st
X_train = np.expand dims(x_train, -1).astype('float32') / 255.0
x_test = np.expand dims(x_test, -1).astype('float32") / 255.0
ULl Jaeail S3 a8 50 it



sagemaker session = sagemaker.Session()

bucket = sagemaker session.default bucket()

prefix = 'mnist'

Amazon S3¢) S Y5y pxll Gy Jresi#

train_path = os.path.join('s3://', bucket, prefix, 'train')

test path = os.path.join('s3://', bucket, prefix, 'test')

np.savez _compressed('mnist_train.npz', features=x_train, labels=y_train)
np.savez _compressed('mnist_test.npz', features=x_test, labels=y test)
train_input = sagemaker session.upload data('mnist train.npz', bucket=bucket,
key prefix=f{prefix}/train')

test input = sagemaker session.upload data('mnist _test.npz', bucket=bucket,
key prefix=f{prefix}/test’)

SageMaker:a):iiuly 4y di g 73 gall) yaad - ¥

from sagemaker.tensorflow import TensorFlow

zsaill Ciliial gall BT

estimator = TensorFlow(entry point="mnist_train.py’,
role=get_execution_role(),

instance count=1,

instance type='ml.m4.xlarge',

framework version='2.4.1",

py_version="py37',

distribution={"parameter server': {'enabled’: True} })

Amazon S3 il Cliby aladiuly &3 saill cu )xi#

estimator.fit({'train'; train_input})

) (il g 3 gal) i - ¥
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predictor = estimator.deploy(initial instance count=1,
instance type='ml.m4.xlarge")
DLEAY) Ly aladily 3 saill apiifd
result = predictor.predict(x_test)
Jeds AWS. 2 SageMaker &ada aladinls Aland) dadal aladinly Aadaill (st 28 i g JU)
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